Supplementary file Text 1S. Formulation and validation of geostatistical model of podoconiosis prevalence
Let Y i denote the number of positively tested podoconiosis cases at location x i out of n i sample individuals. We then assume that, conditionally on a zero-mean spatial Gaussian process S(x), the Y i are mutually independent Binomial variables with probability of testing positive p (x i to stable light (DSTL), distance to water bodies (DSTW), elevation (E), precipitation(Prec) (in mm) and fraction of silt at location x i .
We model the Gaussian process S(x) using an isotropic and stationary exponential covariance function given by
Where || − ′||is the Euclidean distance between x and x', 2 is the variance of S(x) and is a scale parameter that regulates how fast the spatial correlation decays to zero for increasing distance.
To check the validity of the adopted exponential correlation function for the spatial random effects S(x), we carry out the following Monte Carlo algorithm.
1. Simulate a binomial geostatistical data-set at observed locations x i by plugging-in the maximum likelihood estimates from the fitted model. 3. Use the estimates for Z i from the previous step to compute the empirical variogram.
4. Repeat steps 1 to 3 for 10,000 times.
5. Use the resulting 1,000 variograms to compute the 95% tolerance bandwidth under the hypothesis that the analysed data were generated by the fitted model. If the empirical variogram from the original data, obtained as in step 2, lies within 95% bandwidth, we then conclude that we do not find evidence against the assumption of an exponential correlation function for S(x). 
Figure 8S Predicted occurrence of podoconiosis (A) and uncertainty range (B & C)
across Cameroon. Optimal threshold was fitted to get better trade-off between sensitivity, specificity and proportion correctly classified (PCC). 
